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Abstract. We introduce a problem that is a common generalization of
the uncapacitated facility location and minimum latency (ML) problems,
where facilities need to be opened to serve clients and also need to be
sequentially activated before they can provide service. Formally, we are
given a set F of n facilities with facility-opening costs fi, a set D of m
clients, connection costs cij specifying the cost of assigning a client j to a
facility i, a root node r denoting the depot, and a time metric d on F∪{r}.
Our goal is to open a subset F of facilities, find a path P starting at r
and spanning F to activate the open facilities, and connect each client j
to a facility φ(j) ∈ F , so as to minimize

P
i∈F fi +

P
clientsj(cφ(j),j + tj),

where tj is the time taken to reach φ(j) along path P . We call this the
minimum latency uncapacitated facility location (MLUFL) problem.
Our main result is an O(log n·max(log n, log m))-approximation for MLUFL.
We also show that any improvement in this approximation guarantee,
implies an improvement in the (current-best) approximation factor for
group Steiner tree. We obtain constant approximations for two natural
special cases of the problem: (a) related MLUFL (metric connection costs
that are a scalar multiple of the time metric); (b) metric uniform MLUFL
(metric connection costs, uniform time-metric). Our LP-based methods
are versatile and easily adapted to yield approximation guarantees for
MLUFL in various more general settings, such as (i) when the latency-
cost of a client is a function of the delay faced by the facility to which it
is connected; and (ii) the k-route version, where k vehicles are routed in
parallel to activate the open facilities. Our LP-based understanding of
MLUFL also offers some LP-based insights into ML, which we believe is
a promising direction for obtaining improvements for ML.

1 Introduction

Facility location and vehicle routing problems are two broad classes of
combinatorial optimization problems that have been widely studied in
the Operations Research community (see, e.g., [15, 19]), and have a wide
range of applications. Both problems can be described in terms of an
? A full version [4] is available on the CS arXiv
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underlying set of clients that need to be serviced. In facility location
problems, there is a candidate set of facilities that provide service, and the
goal is to open some facilities and connect each client to an open facility
so as to minimize some combination of the facility-opening and client-
connection costs. Vehicle routing problems consider the setting where a
vehicle (delivery-man or repairman) provides service, and the goal is to
plan a route that visits (and hence services) the clients as quickly as
possible. Two common objectives considered are: (i) minimize the total
length of the vehicle’s route, giving rise to the traveling salesman problem
(TSP), and (ii) (adopting a client-oriented approach) minimize the sum of
the client delays, giving rise to minimum latency (ML) problems.

These two classes of problems have mostly been considered sepa-
rately. However, various logistics problems involve both facility-location
and vehicle-routing components. For example, consider the following oft-
cited prototypical example of a facility location problem: a company wants
to determine where to open its retail outlets so as to serve its customers
effectively. Now, inventory at the outlets needs to be replenished or or-
dered (e.g., from a depot); naturally, a customer cannot be served by an
outlet unless the outlet has the inventory demanded by it, and delays in-
curred in procuring inventory might adversely impact customers. Hence,
it makes sense for the company to also keep in mind the latencies faced
by the customers while making its decisions about where to open outlets,
which clients to serve at each outlet, and in what order to replenish the
open outlets, thereby adding a vehicle-routing component to the problem.

We propose a mathematical model that is a common generalization of
the uncapacitated facility location (UFL) and minimum latency (ML) prob-
lems, and abstracts such settings where facilities need to be “activated”
before they can provide service. Formally, as in UFL, we have a set F of
n facilities, and a set D of m clients. Opening facility i incurs a facility-
opening cost fi, and assigning a client j to a facility i incurs connection
cost cij . (The cijs need not form a metric.) Taking a lead from mini-
mum latency problems, we model activation delays as follows. We have a
root (depot) node r, and a time metric d on F ∪ {r}. A feasible solution
specifies a subset F ⊆ F of facilities to open, a path P starting at r and
spanning F along which the open facilities are activated, and assigns each
client j to an open facility φ(j) ∈ F . The cost of such a solution is∑

i∈F

fi +
∑
j∈D

(
cφ(j)j + tj

)
(1)

where tj = dP (r, φ(j)) is the time taken to reach facility φ(j) along path
P . One can view cij as the time facility i takes to serve client j after it



Facility Location with Client Latencies 3

has been activated, in which case (cφ(j),j + tj) is the delay faced by client
j. (Alternatively, if cij denotes the time taken by a client j to travel to
facility i, then the delay faced by j is max(cφ(j),j , tj), which is within a
factor 2 of the sum.) We refer to tj as client j’s latency cost. The goal is
to find a solution with minimum total cost. We call this the minimum-
latency uncapacitated facility location (MLUFL) problem.

Apart from being a natural problem of interest, we find MLUFL appeal-
ing since it generalizes various diverse problems of interest, in addition to
UFL and ML. One such problem, which captures much of the combinatorial
core of MLUFL, is what we call the minimum group latency (MGL) prob-
lem: given an undirected graph with metric edge weights {de}, groups
{Gj} of vertices, and a root r, the goal is to find a path starting at r
that minimizes the sum of the cover times of the groups, where the cover
time of Gj is the first time at which some i ∈ Gj is visited on the path.
Observe that MGL can be cast as MLUFL with zero facility costs (where
F = node-set \ {r}), where for each group Gj , we create a client j with
cij = 0 if i ∈ Gj and ∞ otherwise. Note that we may assume that the
groups are disjoint (by creating multiple co-located copies of a node),
in which case these cijs form a metric. MGL itself captures various other
problems. Clearly, when each Gj is a singleton, we obtain the minimum
latency problem. Given a set-cover instance, if we consider a graph whose
nodes are (r and) the sets, we create a group Gj for each element j con-
sisting of the sets containing it, and consider the uniform metric, then
this MGL problem is simply the min-sum set cover (MSSC) problem [9].

Our results and techniques. Our main result is an O
(
log n·max(log m, log n)

)
-

approximation algorithm for MLUFL (Section 2.1), which for the special
case of MGL, implies an O(log2 n) approximation. Complementing this,
we show that a ρ-approximation algorithm for MGL yields an O(ρ log m)-
approximation algorithm for the group Steiner tree (GST) problem [10] on
n nodes and m groups. So an improved approximation ratio for MLUFL

would yield a corresponding improvement for GST, whose approximation
ratio has remained at O(log2 n log m) for a decade [10]. Combined with
the result of [14] on the inapproximability of GST, this also shows that
MGL, and hence MLUFL with metric connection costs, cannot be approxi-
mated to better than a Ω(log m)-factor unless NP ⊆ ZTIME (npolylog(n)).

Given the above hardness result, we investigate certain well-motivated
special cases of MLUFL and obtain significantly improved performance
guarantees. In Section 2.2, we consider the case where the connection
costs form a metric, which is a scalar multiple of the d-metric (i.e.,
duv = cuv/M , where M ≥ 1; the problem is trivial if M < 1). For ex-
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ample, in a supply-chain logistics problem, this models a natural setting
where the connection of clients to facilities, and the activation of facilities
both proceed along the same transportation network at different speeds.
We obtain a constant-factor approximation algorithm for this problem. In
Section 2.3, we consider the uniform MLUFL problem, which is the special
case where the time-metric is uniform. Uniform MLUFL already general-
izes MSSC (and also UFL). For uniform MLUFL with metric connection costs
(i.e., metric uniform MLUFL), we devise a 10.78-approximation algorithm.
(Without metricity, the problem becomes set-cover hard, and we obtain
a simple matching O(log m)-approximation.) The chief novelty here lies
in the technique used to obtain this result. We give a simple generic re-
duction (Theorem 4) that shows how to reduce the metric uniform MLUFL

problem with facility costs to one without facility costs, in conjunction
with an algorithm for UFL. This reduction is surprisingly robust and ver-
satile and yields, for example, O(1)-approximations for metric uniform
k-median (i.e., metric uniform MLUFL where at most k facilities may be
opened), and MLUFL with non-uniform latency costs.

We obtain our approximation bounds by rounding the optimal solu-
tion to a suitable linear-programming (LP) relaxation of the problem. In
Section 3, we leverage this to obtain some interesting insights about the
special case of ML, which we believe cast new light on the problem since
all previous approximation algorithms for ML are based on combinatorial
approaches. In particular, we present an LP-relaxation for ML, and prove
that the integrality gap of these relaxations is upper bounded by a (small)
constant. Our LP is a specialization of our LP-relaxation for MLUFL. Inter-
estingly, the integrality-gap bound for this LP relies only on the fact that
the natural LP relaxation for TSP has constant integrality gap. In contrast,
the various known algorithms for ML [2, 6, 1] all utilize algorithms for the
arguably harder k-MST problem or its variants. In the full version [4], we
describe a second LP relaxation with exponentially-many variables, one
for every path (or tree) of a given length bound, where the separation or-
acle for the dual problem is a rooted path (or tree) orienteering problem:
given rewards on the nodes and metric edge costs, find a (simple) path
rooted at r of length at most B that gathers maximum reward. We prove
that even a bicriteria approximation for the orienteering problem yields
an approximation for ML while losing a constant factor. This connection
between orienteering and ML is known [7]. But we feel that our alternate
proof, where the orienteering problem appears as the separation oracle
required to solve the dual LP, offers a more illuminating explanation of
the relation between the approximability of the two problems. Our LP-
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rounding algorithms to prove the constant integrality gaps exploit various
ideas developed for scheduling (e.g., α-points) and polyhedral insights for
TSP. This suggests that the wealth of LP based machinery could be lever-
aged for ML as well; we suspect that our LP-relaxations are in fact much
better than what we have accounted for.

LP-based techniques tend to be fairly versatile and can be adapted to
handle more general variants of the problem. Our algorithms and analyses
extend with little effort to handle various generalizations of MLUFL (and
hence, ML). One such example (see Section 4) is the setting where the
latency-cost of a client is a function (of bounded growth) of the time taken
to reach the facility serving it. This yields an approximation algorithm
for the Lp-norm generalization of MLUFL, where we take the Lp-norm of
the client latencies (instead of the L1-norm) in the objective function;
these norms tradeoff efficiency with fairness making them an appealing
measure to consider. Another notable extension is the k-route version,
where we may use k paths starting at r to traverse the open facilities.

Related work. There is a vast amount of literature on facility location and
vehicle routing; we refer the reader to [4] for a more-detailed discussion
of related work. The work that is most closely related to ours is due
to Gupta et al. [13], who independently and concurrently also proposed
the minimum group latency (MGL) problem (which they arrive at in the
course of solving a different problem), and obtain results similar to ours
for MGL. They also obtain an O(log2 n)-approximation for MGL, and a
hardness of approximation for MGL via the reduction from GST to MGL

with an O(log m)-factor loss (see also [16]). They reduce MGL to a series
of “group orienteering” problems, which they solve using a subroutine due
to Charikar et al. [5]. It is not clear how their combinatorial techniques
can be extended to handle facility-opening costs in MLUFL.

2 LP-rounding approximation algorithms for MLUFL

We obtain a linear program for MLUFL as follows. We may assume that dii′

is integral for all i, i′ ∈ F∪{r}. Let E denote the edge-set of the complete
graph on F ∪ {r} and let dmax := maxe∈E de. Let T ≤ min{n, m}dmax be
a known upper bound on the maximum activation time of an open facility
in an optimal solution. For every facility i, client j, and time t ≤ T, we
have a variable yi,t indicating if facility i is opened at time t or not, and
a variable xij,t indicating whether client j connects to facility i at time t.
Also, for every edge e ∈ E and time t, we introduce a variable ze,t which
denotes if edge e has been traversed by time t. Throughout, we use i to
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index the facilities in F , j to index the clients in D, t to index the time
units in [T] := {1, . . . ,T}, and e to index the edges in E.

min
X
i,t

fiyi,t +
X
j,i,t

`
cij + t

´
xij,t (P)

s.t.
X
i,t

xij,t ≥ 1 ∀j; xij,t ≤ yi,t ∀i, j, t

X
e

deze,t ≤ t ∀t (2)X
e∈δ(S)

ze,t ≥
X

i∈S,t′≤t

xij,t′ ∀t, S ⊆ F , j (3)

xij,t, yi,t, ze,t ≥ 0 ∀i, j, t, e; yi,t = 0 ∀i, t with dir > t.

The first two constraints encode that each client is connected to some
facility at some time, and that if a client is connected to a facility i at
time t, then i must be open at time t. Constraint (2) ensures that at most
t “distance” is covered by the tour on facilities by time t, and (3) ensures
that if a client is connected to i by time t, then the tour must have visited
i by time t. We assume here that T = poly(m); this assumption can be
removed with a loss of an (1+ ε) factor (see [4]). Thus, (P) can be solved
efficiently since one can efficiently separate over the constraints (3). Let
(x, y, z) be an optimal solution to (P), and OPT denote its objective
value. For a client j, define C∗

j =
∑

i,t cijxij,t, and L∗j =
∑

i,t txij,t. We
devise various approximation algorithms for MLUFL by rounding (x, y, z).

2.1 An O
(
log n · max{log n, log m}

)
-approximation algorithm

We give an overview of the algorithm. Let Nj = {i ∈ F : cij ≤ 4C∗
j } be the

set of facilities “close” to j, and define τj as the earliest time t such that∑
i∈Nj ,t′≤t xij,t′ ≥ 2

3 . By Markov’s inequality, we have
∑

i∈Nj

∑
t xij,t ≥ 3

4
and τj ≤ 12L∗j . It is easiest to describe the algorithm assuming first that
the time-metric d is a tree metric. Our algorithm runs in phases, with
phase ` corresponding to time t` = 2`. In each phase, we compute a
random subtree rooted at r of “low” cost such that for every client j with
τj ≤ t`, with constant probability, this tree contains a facility in Nj . To
compute this tree, we utilize the rounding procedure of Garg-Konjevod-
Ravi (GKR) for the group Steiner tree (GST) problem [10] (see Theorem 1
below), by creating a group for each client j with τj ≤ t` comprising of,
roughly speaking, the facilities in Nj . We open all the facilities included
in the subtree, and obtain a tour via the standard trick of doubling all
edges and performing an Eulerian tour with possible shortcutting. The
overall tour is a concatenation of all the tours obtained in the various
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phases. For each client j, we consider the first tree that contains a facility
from Nj (which must therefore be open), and connect j to such a facility.

Given the result for tree metrics, an oft-used idea to handle the case
when d is not a tree metric is to approximate it by a distribution of
tree metrics with O(log n) distortion [8]. Our use of this idea is however
slightly subtle Instead of moving to a distribution over tree metrics up
front, in each phase `, we use the results of [5, 8] to deterministically ob-
tain a tree T` with edge weights {dT`

(e)}, such that the resulting tree
metric dominates d and

∑
e=(i,i′) dT`

(i, i′)ze,t` = O(log n)
∑

e deze,t` . This
deterministic choice allows to extend our algorithm and analysis effort-
lessly to the setting where the latency-cost in the objective function is
measured by a more general function of the client-latencies. Algorithm 1
is a detailed description of the algorithm. Let τmax = maxj τj .

Theorem 1 ([5, 8]). Given any edge weights {ze}e∈E, one can deter-
ministically construct a weighted tree T having leaf-set F ∪ {r}, leading
to a tree metric, dT (·), such that, for any i, i′ ∈ F ∪ {r}, we have: (i)
dT (i, i′) ≥ dii′, and (ii)

∑
e=(i,i′)∈E dT (i, i′)zi,i′ = O(log n)

∑
e deze.

Theorem 2 ([10]). Consider a tree T rooted at r with n leaves, subsets
G1, . . . , Gp of leaves, and fractional values ze on the edges of T satisfying
z(δ(S)) ≥ νj for every group Gj and node-set S such that Gj ⊆ S, where
νj ∈

[
1
2 , 1

]
. There exists a randomized polytime algorithm, henceforth

called the GKR algorithm, that returns a rooted subtree T ′′ ⊆ T such that
(i) Pr[e ∈ T ′′] ≤ ze for every edge e ∈ T ; and (ii) Pr[T ′′ ∩ Gj = ∅] ≤
exp

(
− νj

64 log2 n

)
for every group Gj.

Analysis. Consider any phase `. For any subset S of nodes of the corre-
sponding tree T ′

` with r /∈ S, and any N ′
j ⊆ S where j ∈ D`, we have

z(δT ′` (S)) ≥
∑

i∈Nj ,t≤t`
xij,t ≥ 2/3. This follows from the constraint (3) in

the LP. Using Theorem 2, we get the following lemma which bounds the
probability of failure in step A1.3.

Lemma 1. In any phase `, with probability 1 − 1
poly(m) , we obtain the

desired tree T ′
` in step A1.3. Also, Pr[T ′

` ∩N ′
j 6= ∅] ≥ 5/9 for all j ∈ D`.

Since each client j is connected to a facility in Nj , the total connection
cost is at most 4

∑
j C∗

j . Furthermore, from Lemma 1 we get that for every
client j ∈ D`, the probability that a facility in Nj is included in the tree T ′

`,
and hence opened in phase `, is at least 5

9 . The facility-cost incurred in a
phase is O(log n)

∑
i,t fiyi,t, and since τmax ≤ T = poly(m), the number of

phases is O(log m), so this bounds the facility-opening cost incurred. Also,
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Algorithm 1 Given: a fractional solution (x, y, z) to (P).

A1. In each phase ` = 0, 1, . . . ,N := dlog2(2τmax) + 4 log2 me, we do the following. Let
t` = min{2`, T}.

A1.1. Use Theorem 1 with edge weights {ze,t`} to obtain a tree T` =
`
V (T`), E(T`)

´
.

Extend T` to a tree T ′
` by adding a dummy leaf edge (i, vi) of cost fi to T` for

each facility i. Let E′ = {(i, vi) : i ∈ F}.
A1.2. Map the LP-assignment {ze,t`}e∈E to an assignment z on the edges of T ′

`

by setting ze =
P

e lies on the unique i-i′ path in T`
zii′,t`

for all e ∈ E(T`), and

ze =
P

t≤t`
yi,t for all e = (i, vi) ∈ E′.

A1.3. Define D` = {j : τj ≤ t`}. For each client j ∈ D`, we define the group
N ′

j = {vi : i ∈ Nj}. We now compute a subtree T ′
` of T ′

` as follows. We ob-
tain N := log2 m subtrees T ′′

1 , . . . , T ′′
N . Each tree T ′′

r is obtained by executing
the GKR algorithm 192 log2 n times on the tree T ′

` with groups {N ′
j}j∈D` , and

taking the union of all the subtrees returned. Note that we may assume that
i ∈ T ′′

r iff (i, vi) ∈ T ′′
r . Set T ′

` to be the first tree in {T ′′
1 , . . . , T ′′

N} satisfying (i)P
(i,vi)∈E(T ′

`
) fi ≤ 40 · 192 log2 n

P
(i,vi)∈E′ fizi,vi and (ii)

P
e∈E(T ′

`
)\E′ dT`(e) ≤

40 · 192 log2 n
P

e∈E(T`)
dT`(e)ze; if no such tree exists, the algorithm fails.

A1.4. Now remove all the dummy edges from T ′
` , open all the facilities in the resulting

tree, and convert the resulting tree into a tour Tour` traversing all the opened
facilities. For every unconnected client j, we connect j to a facility in Nj if some
such facility is open (and hence part of Tour`).

A2. Return the concatenation of the tours Tour` for ` = 0, 1, . . . ,N shortcutting when-
ever possible. This induces an ordering of the open facilities. If some client is left
unconnected, we say that the algorithm has failed.

since the probability that j is not connected (to a facility in Nj) in phase
` decreases geometrically (at a rate less than 1/2) with ` when t` ≥ τj ,
one can argue that (a) with very high probability (i.e., 1 − 1/ poly(m)),
each client j is connected to some facility in Nj , and (b) the expected
latency-cost of j is at most O(log n)

∑
e∈E(T`)

dT`
(e)ze = O(log2 n)τj .

Lemma 2. The probability that a client j is not connected by the algo-
rithm is at most 1/m4. Let Lj be the random variable equal to j’s latency-
cost if the algorithm succeeds and 0 otherwise. Then E

[
Lj

]
= O(log2 n)t`j

,
where `j (= dlog2 τje) is the smallest ` such that t` ≥ τj.

Proof. Let Pj be the random phase in which j gets connected; let Pj :=
N+1 if j remains unconnected. We have Pr[Pj ≥ `] ≤

(
4
9

)(`−`j) for ` ≥ `j .
The algorithm proceeds for at least 4 log2 m phases after phase `j , so
Pr[j is not connected after N phases] ≤ 1/m4. Now, Lj ≤

∑
`≤Pj

d(Tour`) ≤
2

∑
`≤Pj

∑
e∈E(T ′`)\E′ dT`

(e). The RHS is O(log n)
∑

`≤Pj

∑
e∈E(T`)

dT`
(e)ze =

O(log2 n)
∑

`≤Pj
t` from step A1.3. So E

[
Lj

]
= O(log2 n)

∑N
`=0 Pr[Pj ≥

`] · t` ≤ O(log2 n)
[∑`j

`=0 t` +
∑

`>`j
t` ·

(
4
9

)(`−`j)] = O(log2 n)t`j
.
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Theorem 3. Algorithm 1 succeeds with probability 1 − 1/ poly(m), and
returns a solution of expected cost O

(
log n ·max{log n, log m}

)
·OPT.

2.2 MLUFL with related metrics

Here, we consider the MLUFL problem when the facilities, clients, and the
root r are located in a common metric space that defines the connection-
cost metric (on F ∪ D ∪ {r}), and we have duv = cuv/M for all u, v ∈
F ∪ D ∪ {r}. We call this problem, related MLUFL, and design an O(1)-
approximation algorithm for it.

The algorithm follows a similar outline as Algorithm 1. As before,
we build the tour on the open facilities by concatenating tours obtained
by “Eulerifying” GST’s rooted at r of geometrically increasing length. At
a high level, the improvement in the approximation arises because one
can now obtain these trees without resorting to Theorem 2 and losing
O(log n)-factors in process. Instead, since the d- and c- metrics are related,
we obtain a GST on the relevant groups by using a Steiner tree algorithm.

As before, Nj denotes the facilities “close by” (in the c-metric) client
j and τj = O(L∗j ). In each phase ` we want a GST for the groups Nj for
which τj ≤ t`. To obtain this, we first do a facility-location-style clustering
of the clients (with τj ≤ t`) to obtain some cluster centers whose Njs are
disjoint. We contract these disjoint Njs (of cluster centers) to supernodes
and find a minimum Steiner tree connecting these. Since facilities in Nj

are close by in the c-metric, and since the d-metric and c-metric are
related, they are close by in the d-metric as well. Thus, the supernodes in
the Steiner tree can be “opened up” to give the GST of not too large cost.

Deciding which facilities to open is tricky since we cannot open fa-
cilities in each phase. This is because although Njs are disjoint in an
individual phase, they might overlap with Nks from a different phase. To
overcome this, we consider the collection C of cluster centers created in all
the phases, and pick a maximal subset C′ ⊆ C that yields disjoint Nj ’s by
greedily considering clusters in increasing C∗

j order. We open the cheap-
est facility i in each of these Nj ’s, this bounds the facility cost. However,
there could be a client k ∈ C \ C′ which got removed from C since Nk

overlapped with Nj ; this k must be connected to i. The issue is that τk

could be much smaller than τj , and thus i needs to be connected to the
tree T` where ` is the phase when Nk got connected. To argue this doesn’t
affect the latency cost too much we once again use the relation between
the d-metric and c-metric to show that the total increase in latency cost
is at most a constant fraction more.
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2.3 MLUFL with a uniform time-metric

We now consider the special case of MLUFL, referred to as uniform MLUFL,
where the time-metric d is uniform, that is, dii′ = 1 for all i, i′ ∈ F ∪{r}.
When the connection costs form a metric, we call it the metric uniform
MLUFL. We consider the following simpler LP-relaxation of the problem,
where the time t now ranges from 1 to n.

min
X
i,t

fiyi,t +
X
j,i,t

(cij + t)xij,t subject to (Unif-P)

X
i,t

xij,t ≥ 1 ∀j; xij,t ≤ yi,t ∀i, j, t;
X

i

yi,t ≤ 1 ∀t; xij,t, yi,t ≥ 0 ∀i, j, t.

The main result of this section is Theorem 4, which shows that a ρUFL-
approximation algorithm for UFL and a γ-approximation algorithm for
uniform ZFC MLUFL (uniform MLUFL with zero facility costs) can be com-
bined to yield a (ρUFL + 2γ)-approximation algorithm for metric uniform
MLUFL. One can show that γ ≤ 9 (ZFC MLUFL can be reduced to MSSC

incurring a constant-factor loss; see [4]), and ρMLUFL ≤ 1.5 [3]; this gives
a 19.5 approximation. In the full version, we show that the analysis can
be refined to yield an improved 10.773 approximation.

Theorem 4. Given a ρUFL-approximation algorithm A1 for UFL, and a
γ-approximation algorithm A2 for uniform ZFC MLUFL, one can obtain a
(ρUFL + 2γ)-approximation algorithm for metric uniform MLUFL.

Proof. Let I denote the metric uniform MLUFL instance, and O∗ denote
the cost of an optimal integer solution. Let IUFL be the UFL instance
obtained form I by ignoring the latency costs, and IZFC be the ZFC MLUFL

instance obtained from I by setting all facility costs to zero. Let O∗
UFL

and O∗
ZFC denote respectively the cost of the optimal (integer) solutions

to these two instances. Clearly, we have O∗
UFL, O

∗
ZFC ≤ O∗. We use A1

to obtain a near-optimal solution to IUFL: let F1 be the set of facilities
opened and let σ1(j) denote the facility in F1 to which client j is assigned.
So we have

∑
i∈F1

fi +
∑

j cσ1(j)j ≤ ρUFL · O∗
UFL. We use A2 to obtain a

near-optimal solution to IZFC: let F2 be the set of open facilities, σ2(j)
be the facility to which client j is assigned, and π(i) be the position of
facility i. So we have

∑
j

(
cσ2(j)j + π(σ2(j))

)
≤ γ ·O∗

ZFC.
We now combine these solutions as follows. For each facility i ∈ F2,

let µ(i) ∈ F1 denote the facility in F1 that is nearest to i. We open the
set F = {µ(i) : i ∈ F2} of facilities. The position of facility i ∈ F is set to
mini′∈F2:π(i′)=i π(i′). Each facility in F is assigned a distinct position this
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way, but some positions may be vacant. Clearly we can always convert
the above into a proper ordering of F where each facility i ∈ F occurs at
position κ(i) ≤ mini′∈F2:π(i′)=i π(i′). Finally, we assign each client j to the
facility φ(j) = µ(σ2(j)) ∈ F . Note that κ(φ(j)) ≤ π(σ2(j)) (by definition).
For a client j, we now have cφ(j)j ≤ cσ2(j)µ(σ2(j)) + cσ2(j)j ≤ cσ2(j)σ1(j) +
cσ2(j)j ≤ cσ1(j)j + 2cσ2(j)j . Thus, the total cost of the resulting solution is
at most

∑
i∈F1

fi +
∑

j

(
cσ1(j)j + 2cσ2(j)j + π(σ2(j))

)
≤ (ρUFL + 2γ) ·O∗.

3 LP-relaxations and algorithms for ML

In this section, we give an LP-relaxation for the ML problem and prove
that it has a constant integrality gap. In the full version, we describe
another LP-relaxation for ML for which also we prove a constant upper
bound on the integrality gap. We believe that our LP-relaxations are
stronger than what we have accounted for, and conjecture that the in-
tegrality gap of the second LP is at most 3.59, the current best known
approximation factor for ML. The second LP also gives an illuminating
explanation of the relation between ML and orienteering.

Let G = (D ∪ {r}, E) be the complete graph on N = |D| + 1 nodes
with edge weights {de} that form a metric. Let r be the root node at
which the path visiting the nodes must originate. We use e to index E
and j to index the nodes. We have variables xj,t for t ≥ djr to denote if j
is visited at time t, and ze,t to denote (as before) if e has been traversed
by time t (where t ranges from 1 to T); for convenience, we think of xj,t

as being defined for all t, with xj,t = 0 if dj,r > t. (As before, one can
move to a polynomial-size LP losing a (1 + ε)-factor.)

min
X
j,t

txj,t subject to (LP1)

X
t

xj,t ≥ 1 ∀j;
X

e

deze,t ≤ t ∀t;
X

e∈δ(S)

ze,t ≥
X
t′≤t

xj,t′ ∀t, S ⊆ D, j ∈ S; x, z ≥ 0.

Theorem 5. The integrality gap of (LP1) is at most 10.78.

Proof. Let (x, z) be an optimal solution to (LP1), and L∗j =
∑

t txj,t.
For α ∈ [0, 1], define the α-point of j, τj(α), to be the smallest t such
that

∑
t′≤t xjt′ ≥ α. Let Dt(α) = {j : τj(α) ≤ t}. We round (x, z) as

follows. We pick α ∈ (0, 1] according to the density function q(x) = 2x.
For each time t, using the parsimonious property (see [11]), one can see
that (2z/α) is a feasible solution to the sub-tour elimination LP for TSP
on the vertices r ∪ Dt(α). Then we utilize the 3

2 -integrality-gap of this
LP [20, 18], to round 2z

α and obtain a tour on {r}∪Dt(α) of cost Ct(α) ≤
3
α ·

∑
e deze,t ≤ 3t

α . We now use Lemma 3 to combine these tours.
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Lemma 3 ([12] paraphrased). Let Tour1, . . . ,Tourk be tours contain-
ing r, with Touri having cost Ci and containing Ni nodes, where N0 :=
1 ≤ N1 ≤ . . . ≤ Nk = N . One can find tours Touri1 , . . . ,Tourib=k, and
concatenate them suitably to obtain latency at most 3.59

2

∑
i Ci(Ni−Ni−1).

The tours we obtain for the different times are nested (as the Dt(α)s
are nested). So

∑
t≥1 Ct(α)(|Dt(α)|−|Dt−1(α)|) =

∑
j,t:j∈Dt(α)\Dt−1(α) Ct(α) =∑

j Cτj(α)(α) ≤ 3
∑

j
τj(α)

α . Using Lemma 3, and taking expectation over α

(note that E
[ τj(α)

α

]
≤ 2L∗j ), we get total latency cost at most 10.78

∑
j L∗j .

Interestingly, note that in the above proof we did not need any proce-
dure to solve k-MST or its variants, which all previously known algorithms
for ML use as a subroutine. Rather, we just needed the integrality gap of
the subtour-elimination LP to be a constant.

4 Extensions

Latency cost functions. Consider the setting where the latency-cost of
client j is given by λ(time taken to reach the facility serving j), where
λ(.) is a non-decreasing function; the goal, as before, is to minimize the
sum of the facility-opening, client-connection, and client-latency costs.
Say that λ has growth at most p if λ(cx) ≤ cpλ(x) for all x ≥ 0, c ≥ 1.
It is not hard to see that for concave λ, we obtain the same perfor-
mance guarantees as those obtained in Section 2. For convex λ, we obtain
an O

(
max{(p log2 n)p, p log n log m}

)
-approximation algorithm for convex

latency functions of growth p. As a corollary, we obtain an approximation
guarantee for Lp-MLUFL, where we seek to minimize the facility-opening
cost + client-connection cost + the Lp-norm of client-latencies.
Theorem 6. There is an O

(
max{(p log2 n)p, p log n log m}

)
-approximation

algorithm for MLUFL with convex monotonic latency functions of growth p.
This yields an O

(
p log n max{log n, log m}

)
approximation for Lp-MLUFL.

In k-route length-bounded MLUFL, we are given a budget B and we may
use (at most) k paths starting at r of (d-) length at most B to traverse the
open facilities and activate them. (So with B = ∞, this generalizes the
k-traveling repairmen problem [7].) Our algorithms easily extend to give:
(a) a bicriteria

(
polylog, O(log2 n)

)
-approximation for the general k-route

MLUFL problem where we violate the budget by a O(log2 n) factor; (b) an
(O(1), O(1)) approximation for MLUFL and ML with related metrics; and
(c) a (unicriterion) O(1) approximation for metric uniform MLUFL. These
guarantees extend to latency functions of bounded growth. In particular,
we obtain an O(1) approximation for the Lp-norm k-traveling repairmen
problem; this is the first approximation guarantee for this problem.
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